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Alanis Morissette: Thank U Britney Spears: Hit Me Baby Oasis: Wonderwall

Oasis:Wonderwall, ms(100)/ms(200), 1/8-octave
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histclust(mf, 0.05:0.05:1.4) : regions(0.5145,0.07115,0.7072), missing=1.323 mutual=1.069 spurious=1.596 histclust(mf, 0.05:0.05:1.4) : regions(0.7922,0.02464,0.5916), missing=1.624 mutual=0.5931 spurious=1.675

histclust(mf, 0.05:0.05:1.4) : regions(0.6365,0.04534,0.6591), missing=2.213 mutual=0.7586 spurious=1.483

L] ' 11w IIIII IIII.I_lII IIIII IIII.I_.IIIII I 1T EEENR 111
— L Ll LY LI

! -. -. | ; ; ; 1 | ] ;
_--- - | - e — . | I- - .- . | |
VY ™ Mmoo ™ ™ o

clusterin . clusterin
-]]m:l:|I]]]][|]:|glﬂ]:|l]]l M - [|:I]]]II]II|]I:I] | | iII]II[IIII[IIIII | l
0 50 100 150 200 50 100 150 200 250
time/s 20 40 60 80 lO'O 120 140 160 180 200 time/s
histseg(0.01:0.005:1.2, [0.01, 2, 0.1]) : regions(0.4099,0.06654,0.7618), missing=0.8957 mutual=1.497 spurious=1.021 time/s histseg(0.01:0.005:1.2, [0.01, 2, 0.1]) : regions(0.0924,0.39,0.7588), missing=0.5809 mutual=1.637 spurious=0.415

histseg(0.01:0.005:1.2, [0.01, 2, 0.1]) : regions(0.3823,0.1128,0.7525), missing=1.746 mutual=1.227 spurious=1.035
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Alanis Morissette: Head Over Feet Chumbawumba: Tubthumping The Spice Girls: Wannabe

Alanis Morissette:Head Over Feet, ms(100)/ms(200), 1/8—octave

Spice Girls:Wannabe, ms(100)/ms(200), 1/8-octave
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Chumbawamba:Tubthumping, ms(100)/ms(200), 1/8-octave
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histclust(mf, 0.05:0.05:1.4) : regions(0.7438,0.02253,0.6168), missing=1.702 mutual=0.834 spurious=1.378 . ) L ) histclust(mf, 0.05:0.05:1.4) : regions(0.7785,0.02759,0.5969), missing=1.358 mutual=1.066 spurious=1.066
histclust(mf, 0.05:0.05:1.4) : regions(0.5614,0.04691,0.6959), missing=1.046 mutual=1.253 spurious=1.487
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time/s 0 20 40 60 80 _ 100 120 140 160 180 time/s
histseg(0.05:0.05:1.4, [0.01, 2, 0.1]) : regions(0.1449,0.1598,0.8476), missing=1.051 mutual=1.486 spurious=0.6849 time/s histseg(0.01:0.005:1.2, [0.01, 2, 0.1]) : regions(0.05373,0.1387,0.9038), missing=0.9975 mutual=1.426 spurious=0.2635

histseg(0.01:0.005:1.2, [0.01, 2, 0.1]) : regions(0.06232,0.4195,0.7591), missing=0.5728 mutual=1.727 spurious=0.2321
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A Ha: Take On Me Deus: Suds and Soda The Clash: Should I Stay or Should I Go

A Ha:Take On Me, ms(100)/ms(200), 1/8-octave Deus:Suds and Soda, ms(100)/ms(200), 1/8—octave The Clash:Should | Stay Or Should | Go, ms(100)/ms(200), 1/8-octave
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histclust(mf, 0.05:0.05:1.4) : regions(0.6592,0.07324,0.6338), missing=1.601 mutual=0.7917 spurious=1.472 histclust(mf, 0.05:0.05:1.4) : regions(0.4528,0.06627,0.7405), missing=1.063 mutual=2.467 spurious=0.7495 histclust(mf, 0.05:0.05:1.4) : regions(0.6788,0.05182,0.6347), missing=1.181 mutual=0.6481 spurious=1.147
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time/s time/s time/s
histseg(0.01:0.005:1.2, [0.01, 2, 0.1]) : regions(0.4723,0.06853,0.7296), missing=1.579 mutual=0.814 spurious=1.438 histseg(0.01:0.005:1.2, [0.01, 2, 0.1]) : regions(0.03445,0.1683,0.8986), missing=0.8814 mutual=2.649 spurious=0.2917 histseg(0.01:0.005:1.2, [0.01, 2, 0.1]) : regions(0.3601,0.09729,0.7713), missing=0.9312 mutual=0.8976 spurious=1.014
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